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Audio Data Preprocessing Technique
Using Attention-Based Dynamic Window
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Abstract : Typical preprocessing techniques suffer from the loss of important information when
dealing with speech data of different lengths, or the increase in computational complexity as the
data length increases. Attention mechanism is used to extract the attention weights that represent
the important parts of the speech data. The technique proposed in this study, the dynamic window
algorithm, locates windows containing important parts and uses them for learning. This minimizes
the loss of important information and improves the learning efficiency of speech data and the
performance of the model.

Keywords: Preprocessing techniques, TIM-NET, DW-Former, Attention mechanism, Dynamic window algorithm,
Computational complexity, Learning efficiency
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